Chapter 1

A blob with 3 centers.
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- Cosine KPCA 1 Dimension
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Truncated SVD, 2 Components
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Chapter 2
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Coef 0
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Residuals at Various Numbers of Estimators
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Chapter 3

Blobs
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Hist of Silhouette Samples
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Visualizing the Closest Points
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Random 2D Normal Draws
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Single Cluster
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Chapter 4

Decision Tree Accurac
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A well seperated dataset
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Open|High |Low |Close|Volume Adj Close |is_higher
Date minor
F 16.77(16.87|16.05|16.12 | 256937900 | 15.07 0
GM |35.00(35.99|33.89|34.19 | 457044300 | 33.61 0
2010-11-18
™ 77.36|77.51|76.83|77.29 1989100 77.29 0
TSLA |30.67|30.7428.92|29.89 (956100 29.89 0
2010-11-19 |F 16.02(16.38|15.83|16.28 | 130323600 | 15.22 0
Open|High (Low |Close |Volume is_higher
0/16.77(16.87 [16.05|16.12 | 256937900 |0
1|35.00|35.99|33.89|34.19 457044300 |0
2(77.36|77.51|76.83|77.29 989100 0
3|30.67(30.74 | 28.92|29.89 | 956100 0
4116.02 (16.38|15.83|16.28 | 130323600 |0




Chapter 5

Comparing class proportions.
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Plotting the fit vs the underlying process.
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True Mean vs Regular Estimate
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