Chapter 1: Deep Learning Walkthrough and
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PyTorch

figure 1.2 equation

f=c(w,.a+w,.b)

1
6 (X)=
) 1+e*

QUICK START QUICK START WITH
LOCALLY CLOUD PARTNERS
F 25 belo F
‘Stable (10)
I ’
=
[re ] f s
Python
wl a w2 b

figure 1.2




bob are coming
0 0, 0, 0,
ho I 1M I N I 1M I 1 e
1 — — — |
| 1 | |
Good morning 0 0
0 0, 0, 0,
ho | I 1 h I L he I 1 hs I 1 N
g ] — — |




)

K

—>.

order order
count count
Fashion fitness gadgets Fashion fithess gadgets
20-25 50 - 55
age age
E §— TN &

¥

Input

Hidden

Qutput




Hidden Layer 2
Hidden Layer 1

Er liebte zu essen.

Softmax
o (oA (e s~ =~ —
Embm_ CIIIIIIIjoiiiiifmiiiiiiioipoiiiiiopii o TTTUTTITTTTTTTT NULLE”M“UESSG” """"""""""""
””””””””””””” AL
Encoding DBN Decoding DBN
Input Output

O
O

OO000O
OO0OO
OO0
OO0
OO0
QOO0

Compressed
Feature Vector




5B«

the country of my birth
- 4 _ CAR
— TRUCK
@ — VAN
' 0 [[] — BICYCLE
INPUT CONVOLUTION + RELU POOLING CONVOLUTION + RELU PQOLING J \FLATFEN COI:;“E\E‘;FED SOFTMAX
~ v

FEATURE LEARNING CLASSIFICATION




Generative Adversarial

Network
Real
Samples
<]
W
Latent 23
Space . % ky
D 18D
‘.. Correct?
Discriminator b
- G ,
Generator Generated : H
Fake ' !
, Samples ! :
- : : Training :
Noise
Reward
v
Agent DNN policy
T, (s, a)
State Take Environment
[ ] >
action
A
parameter 6
Observe state
3x3
(Concatenation)——
3x6

3x3




3x3

Stack

7

2x3x3
3x3
— unsqueeze —
«——— Squeeze
3x3
1x3x3
THTensor THStorage raw data
o o]
dimension | T
. actual
stride allocate
data
etc.




Chapter 2: A Simple Neural Network
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Chapter 3: Deep Learning Workflow
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PyTorch 2018.05.07 compiled w/ CUDA 8.0.61
Running with Python 3.6 and

‘pip3 list’ truncated output:

nsgpack-numpy (0.4.1)
numpy (1.14.2)

torch (2018.5.7, /home/sherin/miniconda3/1ib/python3.6/site-packages)
torchaudio (©.1, /home/sherin/mypro/audio)

torchtext (8.2.3)
torchvision (8.2.1)

AddmmBackward 233.993us
t 100.119%us
addmm 79.638us
_cast_float T ETES
mm 61.899%us
_mm 53.44%us
AddmmBackward 47.908us
zeros_Llike 46.894us
ExpandBackward 46.219us
uniform_ 44.824us
addmm 42.784us
sqrt 48.520us
sqrt 39.984us
sum 39.054us
MselossBackward 39.017us

cProfile output
6532 function calls

Ordered by: internal time

List reduced from 81 to 15 due to

ncalls tottime percall cumtime
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filename:lineno(function)

{method 'run_backward' of 'torch._C._EngineBase' objects}
{method 'sigmoid' of 'torch._C._TensorBa objects}
{method 'add ' of 'torch. C._TensorBas

{built-in method ones_like}

bottleneck_support.py:16(<

{built-in method addmm}

{built-in method numpy.core.multiarray.array}
bottleneck_support.py:15(wrapper)

{built-in method torch._C. nn.mse_loss}
bottleneck_support.py:39(get_data)

{method 'sqrt' of 'torch._C._TensorBase' objects}
{method 'format' of 'str' objects}

{method 'type' of 'torch._C._TensorBase' objects}
bottleneck_support.py:

{method 'permutation' of 'mtrand.RandomState' cbjects}




Chapter 4: Computer Vision
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Chapter 5: Sequential Data Processing
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Chapter 6: Generative Networks




Taxonomy of Generative Models Direct
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Chapter 7: Reinforcement Learning
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class CartPoleEnv(gym.Env):

Description:

A pole is attached by an un-actuated joint to a cart, which moves along a frictionless track. The pendulum star

Source:

This environment corresponds to the version of the cart-pole problem described by Barto, Sutton, and Anderson

Observation:
Type: Box(4)
MNum Observation Min Max
a Cart Position -4.8 4.8
1 Cart Velocity =Inf Inf
2 Fole Angle =24° 24°
3 Pole Velocity AT Tip -Int Int
Actions:

Type: Discrete(2)

Num Action

@ Fush cart to the left
1 Push cart to the right
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Chapter 8: PyTorch to Production
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farmat  ONMNX 3
producer  pytorch 0.4

imports  ai.onnx vo

Graph
name  torch-jit-export
operaters  Tatal: 3
Inputs
input.1 id: input.1
type: Tloat32[1,18]
Outputs
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M fizbuz_service.py

/% signature.json
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